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ABSTRACT 

Accordingly learning disabilities, just found out the real-life issues which are going to 

happen in during of the lectures in the class. Whenever mostly students act normal and 

like they do not have any diseases and any mentality issues even they got maximum marks 

and rewarded and got admission on graduation on the bases of merit base. They do not 

aspect what is reason behind that to be occurring and during the semester they lost their 

marks.  

An Arrangement of Students with disability of learning with Naive Bays Classifier and 

Decision Tree is to preliminarily classify the student with learning disabilities before 

diagnostic physician using the classification techniques, Naive Bayes Classifier and 

Decision Tree. Children with learning disabilities cannot learn on their own side as good 

as the other defects. Even if the student can see well any intelligence. 

In the learning disability there is a prediction of some causes that are happen certainly the 

below explain the how to identify the disability of the students and how to resolve there 

are many reason to generate disability, it can be appear from teacher side may or may not 

teachers do not have the promptly ability of transferring a lecture or maybe they have the 

ability  to transfer lecture properly but they don’t provide lecture of exact topics .there can 

be many reason to generate it.  
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CHAPTER 01 

 INTRODUCTION 

LEARNING DISABILITIY 

Problem specifications: there are many issues of students which are facing from earlier 

one of them is learning disabilities some time disabilities occur through teacher some time 

by the students ,this research is clarifying the students learning disabilities  of students 

which are most of the time occur by personal family issues some of students are not mantel 

presenting in the class they are thinking their past things ,adventure etc. that’s why 

students do not completely concentrate in the class room. 

Taking in insufficiencies change from individual to individual and may show in a 

collection of ways The People with Incapacities Instruction Act (Thought) gives that 

"particular learning handicap" which suggests "a messiness in single or a greater amount 

of the basic mental structures remembered for comprehension or in using vernacular, 

spoken or made and understanding which mess could show itself confidential the faulty 

ability to melody in, think, talk, examined, type in, curse, or do scientific figuring’s." Such 

term "holds onto such conditions as perceptual ineptitudes, mind hurt, insignificant 

cerebrum brokenness, dyslexia deceases, and developmental of aphasia." Such tenure 

doesn't join "a learning issue that is fundamentally the reverberation of painterly, earshot, 

or mechanical inadequacies, of mental insufficiencies and of energetic disrupting impact 

[1].   
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These structures fuse learning (the getting of material and rules for using the information), 

thoughtful (using rules to arrive at assessed or positive resolutions) and self-correction.so 

that my paper s relies on the made experiences to perceives the human insufficiencies to 

pushing the genuine issues. Assorted of the paper explain and gave the explanation how 

to control this huge threating's. An adaptable neuro-fluffy extrapolation system or flexible 

system based on cushioned derivation structure (ANFIS) could be a sort of fake neural 

mastermind that depends on Takagi–Surgeon soft acceptance system. The strategy was 

made inside the mid-1990s.this structure fill in as a show for the paper [2]. 

Taking in failures see astoundingly unmistakable starting with one adolescent then onto 

the others. One teen-ager may fight with examining and meaning, though another 

appreciates records though can't get it mathematics. Motionless additional kids may have 

trouble considerate with stating or conveying out uproarious. The matters are especially 

various, have done. they are mostly getting educations messes up. 

It's not in all condition humble to differentiate knowledge inabilities. On explanation of 

the varied changes, there is nothing to sole display or advantages that you can look to as 

evidence of a reasons. Be that as it may, some warning dependent characteristic than 

another’s at different months. In case you are aware of what they are getting in the class, 

will have the option to get a learning matter early and fast find a way to get your kid help.  

The associated program records some regular cautions for learning issues. Recollect that 

kids who do not have knowledge incapacities have even now encounter a portion of these 
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challenges at different cases. The model chance for concern is when there is a steady 

lopsidedness in your youngster's size to ace certain aptitudes.  

An Arrangement Academics with Learning Disabilities Using Naive Bays Classifier and 

Decision Tree is to for starters characterize the understudy with learning handicaps before 

indicative doctor utilizing the order strategies, Naive Bayes Classifier and Decision Tree. 

Kids with learning handicaps can't learn on their own side on a par with different 

imperfections. Regardless of whether the understudy can see well any insight.  

The understudies with learning incapacities are shown utilizing exceptional instructive 

educational plans similar AARAMBH, systems like Applied Behavior Analysis (ABA), 

Conduct and Instruction of Autistic and related Announcement hampered Kids 

(TEACCH) and Detached Trial Training (DTT).  

Training procedures differ dependent on age and inability appearances/qualities. In the 

proposed strategy comprehensive instructional educational program from Indian created 

pre-school group like AARAMBH has been utilized as pattern. This comprehensive 

educational program can be utilized for the youngsters between the age gathering of 3-6 

years, to instruct pre-school preparation ideas from areas, for example, self, home, abilities 

for expressiveness, social conduct aptitudes and ecological mindfulness with incapacity 

benevolent, adjusted exercise plans [3]. 

At current, there are recurrent kinds of artificial technology tools in the present day. to 

help students who scrap in writing and reading. Later, those tools are not apposite to the 

pupils with learning disabilities in Pakistan as well as diverse country of the world. 
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we frequently need to plan and advance our innovation. Like different ailments, 

understudies with learning ailments will likewise require reasonable innovation 

apparatuses for them. In any case, for understudies with learning handicaps recorded as a 

hard copy and perusing, it is noteworthy to take note of that innovation can't fix however 

will help them in their composition. It doesn't supplant great instructing, yet it tends to be 

utilized notwithstanding all around planned to prepare. It can enable the understudies to 

be more self- certain and work more independently. At that point, in this examination we 

additionally audit the work from past agents and organize with the endorsement for the 

way to create fitting assistive innovation for understudies with composing incapacities [6].  

Learning Disabilities (LD) are brought about by hereditary conditions and issues of the 

cerebrum to work s some that speaks to the deformity brought about by the learning cycle 

can happen just one side, for example, perusing, composing, spelling or adroit. Kids with 

learning handicaps can't learn on their own side in the same class as different deformities. 

Regardless of whether the youngster can see well any inclination [4] 

figure No.1.1 An individual with learning incapacities has assurance agreement kinds of 

data. The most common learning inabilities are dyslexia, the expression "learning 

incapacity" can strike trouble into the parenthoods of little youngsters. However, most 

posterity with learning inabilities have typical (or even better than average) knowledge 

and just need some structure and individualization in the information cycle to succeed. 

The initial phase in treating a learning incapacity is diagnosing it, yet an exact conclusion 

of a learning issue in a small kid can be a test. Detecting his torment and battle. 

. 
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As expressed above, individuals with learning inabilities keep normal or above insight and 

work similarly as hard as any other person. If an understudy is shown viable learning 

methodologies and effective convenience use, he may have a productive profession in an 

assortment of fields. Some exceptionally fruitful individuals with learning incapacities [5]. 

with learning inabilities has assurance administration kinds of data. The most common 

learning incapacities are dyslexia, the expression "learning inability" can strike trouble 

into the parenthoods of little youngsters. However, most posterity with learning handicaps 

have typical (or even better than average) knowledge and just need some structure and 

individualization in the information cycle to succeed. The initial phase in treating a 

learning incapacity is diagnosing it, however an exact determination of a learning issue in 

a little youngster can be a test. Detecting his agony and stressor wants troublesome work 

to be profitable. Nevertheless, for persuaded understudies, even difficult work may not be 

Figure 1. 1 students are involved in study on different behavior 
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enough. A couple of understudies are tested with additional troubles in the homeroom due 

to learning wounds. A learning inadequacy is a disarray that quells the size to measure and 

hold information. Since there are different mental occasions that impact getting the hang 

of, learning inadequacies can change. 

 Here are five of the most well-known learning handicaps in study halls today. Since taking 

in inabilities emerge from neurological contrasts in mind structure, individuals won't 

develop out of them. Be that as it may, with legitimate proof-based guidance and the 

capacity to utilize fitting facilities, individuals with learning inabilities can learn 

techniques for exploring lifecycle by exploiting their qualities and avoiding their 

shortcomings [6]. 

 Other issues relate usually to fluency, spelling, understanding and more. Scholars may 

involvement one reading issue or multiple issues when struggling with dyslexia. 

TYPES OF LEARNING DISABILITIY 

There are many different categories of the disabilities it can be through mentality issues, 

can be understanding of new environments and so on. 

 Auditory Processing Disorder (APD) 

 Dyscalculia 

 Dysgraphia 

 Dyslexia 

 Language Processing Disorder 
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 Non-Verbal Learning Disabilities. 

 ADHD 
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Figure 1. 2 Types of facts caused by reading/writing disabilities. 

Types of learning disability

Auditory Processing Disorder (APD)

ADHD

Non-Verbal Learning Disabilities.

Dysgraphia

Dyscalculia

Dyslexia

Language Processing Disorder
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AUDITORY PROCESSING DISORDER (APD) 

Individuals with hearing handling issue (APD) make some hard recalls hearing little 

steady differences in words. Somebody says, "If you don't attention lift your hand," and 

you hear something like "Please miasma your arrangement." You tell your child, "Take a 

gander at the cows over yonder," and he may hear, "Take a gander at the comedian on the 

seat. 

DYSCALCULIA 

Misfortune in learning or measuring number-crunching, for sample, difficulties in getting 

numbers, thinking out how to control numbers, implementation systematic aims and 

learning realities in science. 

DYSGRAPHIA 

These diseases are a learning inability that upsets composing capacities. It can show itself 

as tests with importance, helpless penmanship and troublesomeness writing musings 

down. Since composing requires a perplexing arrangement of engine and data 

administration abilities, saying an understudy has dysgraphia isn't beneficial thing. 

DYSLEXIA 

Dyslexia is a knowledge issue that includes trouble examining because of issues 

distinguishing discourse sounds and figuring out how they classify with letters and words 

(translating). As well, called understanding inability, dyslexia influence zones of the mind 

that process language. 
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LANGUAGE PROCESSING DISORDER 

It is difficulty receiving, recognizing and sympathetic language; it also involves difficulty 

communicating language. 

NON-VERBAL LEARNING DISABILITIES 

Nonverbal disabilities are caused by undefined data during class 

ADHD 

ADHD represents thought shortage hyperactivity issue. It is a clinical protest. An 

individual with ADHD has contrasts in mind advance and cerebrum movement that 

influence consideration, the capacity to sit still, and poise. ADHD can trouble a kid at 

school, at home, and in connections. 

FACT ABOUT LEARNING DISABILITIY 

MYTH 

Generally, causes of learning incapacities add to viewing too much TV, eating a less of 

diet, receiving initial age of vaccines, or lack of early parent/teacher participation [7]. 

 Learning disabilities are related to a lower IQ (Appendix A)  [8]. 

FACT 

 Experiences difficulty understanding nonverbal prompts like facemask terms or 

non-verbal communication and may have lamentable man.While the specific idea 

of learning handicaps inside the psyche isn't totally remembered, it is realized that 

they increment from nerve changes in mind changes and purposes that influence 
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an individual's capacity to get, store, measure, recover, or associate data. There is 

both a hereditary part and an expanded danger between youngsters who are 

investigate in utero, or in early turn of events, to toxic materials, for example, 

principalagement. Non-Verbal Learning Disability (NVD or NVLD)  (Appendix 

A) [9]. 

 By explanations with learning disabilities have usual or above penetration. 

Learning disabilities are not caused by having low reasoning ability (low IQ) [10]. 

CHALLENGES FOR PEOPLE WITH LEARNING DISABILITY 

Individuals has numerous issues with respect to incapacities here and there individuals 

don't have a clue about their inabilities. When the enter new circumstance, they can't 

oversee how to get by in another easygoing that is the reason their cerebrum doesn't work 

appropriately, and they enter in an inability.  

Some are totally misfortune their sense exercises, some are associated with wrong things 

even they were generally excellent at past trainings, it is a major test for everyone to 

confront these realities. as indicated by the judgment must deal with those individuals who 

are imperils on any alert [11]. 

MODEL FOR CLASS CONCEPT 

A judicious model is a portrayal of a framework, made of the group of thoughts which are 

used to help persons know, understand, or recreate a subject the model speaks too.  
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It is a rights way to deal with inability. If advanced life was set up in a manner that was 

accessible for persons with handicaps, at that point they would not be skirted or obliged. 

Learning inability: A youth issue portrayed by trouble with specific abilities, for example, 

examining or writing in people with ordinary vision. Learning handicaps influence the 

capacity to translate what one sees and hears or the capacity to interface data from various 

pieces of the cerebrum.  

foundation People with a scholarly handicap esteem function as a huge piece of their lives, 

and a significant number of them need to take part in standard paid business. Current 

assessments show that the quantity of individuals with ID who have some type of paid 

business are extremely low, going from 9 to 40 % across various nations, regardless of 

enactments  

The requirement is made between 'harms', which are the separate issues which may dodge 

individuals from doing roughly, and 'incapacity', which is the extra impediment presented 

by a general public which treats these 'disabilities' as anomalous, in this manner 

superfluously barring these individuals from full support in the public arena. The social 

model of incapacity says that it is society which handicaps hindered individual’s 

underneath. 

On Figure No. 1.3 explaining the classroom environment and students have proper seat 

because all are elected through merit base and there is a good environment with accurate 

transferring of lecture. 
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On the figure No.1.4 there are number of students each student has distinct identity student 

1,student 2,student 3,……………..student 16  all are selected through the  merit base they 

do not have any deficiency all are deserve better environment because all belong to well-

educated family and all education records are good .In the class room there is a teacher 

whom is more qualified and has good experience in their expertise . On figure 1.4there are 

same number of students and same teacher who start the course never gap of any teacher 

transferring of lectures. But uncertainty random students got deficiency not was judgment 

issues because male as well as females got this issue on figure 1.4 student 3, student 6 , 

student 12 and student 16 are in the red zone 

 

Figure 1. 3 Experienced teacher is in the class with proper lecture, but some 

students can’t not understand what she is teaching... 

Figure 1. 4 Experienced teacher are in the class with proper lecture all 

students understand what she is teaching... 
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LEARNING DISABILITIY AND SOCIAL ATTITUDE OF PEOPLE 

Learning disabilities are neurologically based dispensation problems. It occurs socialism 

and by interactions of people. These processing problems can interfere with learning basic 

skills such as reading, lettering and/or mathematics understanding.  They can also restrict 

with higher level skills such as organization, time planning, abstract reasoning, long or 

short-term remembrance and attention.  It is important to realize that learning disabilities 

can affect an individual’s life beyond academics and can impact associations with family, 

friends and in the work. In the below figure express the acknowledgements of concern and 

influence. 

In figure 1.5 tree diagram represents the parts of learningdisabilitiesand each part has its 

own  different parts it means no disabilities  occur without any conditions. 
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figure 1. 5  learning disability tree help to understand which type of disabilities have 

been occurred 
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CHAPTER 2  

LITERATURE REVIEW/RELATED WORK 

An understudy with cripple of learning is just with satisfactory attitude, exotic conditions 

and healthily stable the individuals who incomplete number of explicit realities in 

perceptual, integrative or articulations (Appendix A)  ,  measures which seriously impede 

learning capacity. This incorporates families who have virtual sensory system brokenness 

which communicated essentially in less of learning productivity.  

RELATED WORK 

Have go through many of different paper for the disability of person if an old person has 

this issue it may say it will be generated by age but adult is facing it is the big issues. 

In the year of 2017 . Amal Mostafa Elsaigh et al proposed on their paper. 

The aim of the existing research is to regulate the part of e-learning in educating the 

reading assistances of children with disable of learning in construing from the idea of view 

of superior education tutors. and the role that teachers can show (in light of their use of e-

learning) , and real learning skills and control the extent of the impact of the work and the 

nature of the mechanical programs offered to progress the study helps of children with 

learning disabilities, reading environment, the curriculum: the graphic approach was used 

in this proportional study [12] . 

recently efforts near with students with disable in any fields in online advanced education 

are well upstanding During 2015 Julius T. Nganji et al describe the ideas on their paper. 
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. However, current learning environmental factors are not completely far reaching, chiefly 

for those with various inabilities. Most learning situations worked for understudies with 

handicaps edge themselves to get together the necessities of definite incapacities and don't 

exertion to match the troubles of planning for those with numerous inabilities. This paper 

looks to talk how virtual learning conditions (VLEs) can be planned to incorporate the 

necessities of students with various handicaps. Precisely, its administrations AI to show 

how exact taking in assets from a tremendous wellspring of learning materials can be 

proposed to students with various incapacities. This is made conceivable through drawing 

in semantic web ability to display the student and their needs. Three techniques are thought 

to consolidate necessities. Basic objective administrators, information based standards, 

and AI based principle start are accumulated in this coordinated technique. It is trusted 

that engineers of e-taking in frameworks will be revived from this way to deal with plan 

exhaustive virtual learning conditions [13]. 

Learning handicaps (LD) are commonly raised as inconspicuous inabilities as they are 

difficult to recognize. The sorts and different harshness of issues separate from understudy 

to student. During 2014 Zainab Pirani et al presented their paper. Each LD student has 

their own restricted arrangement of properties, faintness, advantages, abilities and 

inconsistent limits and all these necessary must be spoken. These challenges can be 

facilitated by giving fitting learning condition to them. This paper depends on our former 

investigation work in which we had proposed a premise, an Assistive Learning 

Environment (ALE) to improve the learning experience of LD understudies in their 

scholarly life. It was competent for recognizing what substance has conveyed, agitation 
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related with each LD student and changes related with the substance to convey it to the 

LD student.  

A substance source is created where the whole course content is put away with a rich 

arrangement of clarifications. It must be sufficiently silly to catch all the provisions of the 

LD student at letter set level, word level, sentence level and segment level. Along these 

lines, we have made ALEML a XML based ascent language for this reason that describes 

our fulfilled wellspring [14].  

In the year 2013 Julie M. David · Kannan Balakrishnan et al clarified the thought with 

respect to learning handicap by utilizing procedures of ANN (Appendix A)  and ANFIS 

in his paper. The assurance of this exploration paper is to big business a theory instrument 

utilizing ANN and ANFIS activities, with a significance in information mining, for gauge 

and measurement of LD in young kids and decide the significance of preprocessing in 

arrangement. The information preprocessing is accomplished through Key Section 

Analysis for attribute markdown and close by fit calculation is utilized for appointing 

missing qualities [15]. 

On 2013 on the above book Vinumol K.P Ashsish Chowdhury et al denote the ideas of 

engorged reality Statistics based on study reveals that India has around ninety million 

people with changing degrees of Learning Disabilities (LD) and an average class in 

schools has near five students with learning disabilities. Epidemiological investigations of 

learning incapacities in India are on edge by issues coming to after recognizable proof, 

valuation, to socio instructive impacts remarkable to India. Accordingly, it is accepted that 
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number of children with LD might be a lot bigger than five to a class of fifty understudies. 

Subsequently it is required for us to create reasonable aptitudes to help the instruction of 

these information incapacities youngsters. This paper presents a PROTYPE got back to 

Collaborating Textbook for up understudies with learning inability. Here the book will be 

same as common course reading with no prevalent markers and identifiers. At the point 

when the children consideration on a book, the 3D pictures, sound and recordings that 

explains the content even more practically will be enlarged on that page. This improves 

the understudies insightful and makes the learning advancement simpler for them. [16]. 

During 2012 Pooja Manghir Alani et al represent the ideas of fuzzy approaches for 

the sorting of disability of child on their paper.The attempt of this work is to care the 

special schooling public in their quest to be with the normal. The early section of the paper 

gives an complete study of the unlike instruments of detecting learning disability. After 

finding of learning disability, the additional organization of learning disability that is 

 dyslexia, dysgraphia or dyscalculia are fuzzy.  

Hence the paper recommends a model based on Fuzzy Expert System which allows the 

classification of learning disability into its numerous types. This expert system facilitates 

in simulating conditions which are otherwise roughly defined [17]. 

.  
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Most scholars and educators perhaps view mobile learning as the direct successor of e-

learning, but we can say that m-learning is a subset of e- learning Mrs.Mishra N.R et al 

explained their views on the paper [18]. 

This object delivers an overview towards the part of eLearning to encourage the education 

of students with superior needs and recognize the level of attitudes towards e-learning 

(Appendix A)  courses, Similar all other edifying sectors. Ahmed Farouk Mohamed 

Saleh et al describe their views through the paper. handicapped learning sector as well has 

not been able to continue remote from the ongoing, one of the most dangerous challenge 

that most of the edifying institution have been challenged with how to best educate 

students with disabilities for what has been variously called the Information Age, the 

Information Age, or, more recently the Digital Age. 

 As one of the important section of handicapped learning, e- learning is a type of open or 

elastic learning for unusual wants, the new method of coaching and learning, and an 

authoritative strategy in the educational improvement makes new borderless learning 

environment and openings and bring pretentious changes in the atmosphere of students 

with disabilities. 

E-learning can offer great occasions to students with disabilities, but tranquil few barriers 

prevent special needs to contribute in educational activities, blocks that relate to the 

charms play important role to stop student from their educational right,  

This paper presents an effort to guess the current levels of insolences and performs towards 

e-learning  , course, the example of the main research are included of (151) of students 
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with disabilities, Out of which (77) male, and (72) female, the current study belongs to 

evocative analytical studies. a study was Practical in Fayoum governorate south Cairo, 

The final outcomes of Friedman technique complete that the arrogances of e-learning 

consists of three mechanisms affective, behavior and reasoning components according to 

the (A,B,C) MODEL, Affective Constituent has achieved first rank in terms of the rank of 

the mean rank at (2.14), the next is cognitive component at (2.11) grades, the third and the 

final is interactive or services component at mean rank (1.75).  

The results allow us to receive the null hypothesis:There is no meaning difference in the 

students with disabilities attitudes near eLearning course Vary giving to :( gender, using 

computer and the type of disabilities) [19]. 

They illuminate the ideas regarding Mobile plans, for example, Mrs. Mishra N.R in 2012 

represent the paper. cell phones , PDA's and I-cases are understanding their conceivable 

to be utilized as a controlling learning devices, anyway the solicitation of versatile 

expertise in getting the hang of setting is a lot of harmed in India. Versatile learning can 

be pushed off to furnish students with better possibilities and upgrade learning results [20]  

The goal of the current study is to control the role of e-learning in refining the reading 

services of kids with learning disabilities Dr. Aamal Mostafa Elsah  et al in 2017 expressed 

the journals of paper.  in reading from the idea of view of special education teachers. and 

the role that teachers can drama (in light of their use of e-learning) and effective learning 

times and determine the extent of the impact of the work and the countryside of the 

electronic agendas existing to improve the reading skills of children with knowledge 
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disabilities, reading setting, the curriculum: the descriptive approach was used in this 

comparative study [21]. 

In 1977, a solitary inclusionary model was included for every one of the zones in which 

LD could happen, " . . . a serious error among accomplishment and scholarly capacity in 

at least one of the territories:  

• Expression  

• listening appreciation  

• written articulation  

• basic understanding ability  

• reading appreciation  

• mathematics figuring  

LD CANNOT BE DEFINED SOLELY BY EXCLUSION 

The point of convergence of Kirk's (1963) definition, and others like it was on 

characteristics that must be banned (Hammill, 1993). Early implications of LD were 

investigated for this emphasis on unmistakable confirmation by dismissal [22]. 
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CHAPTER 3  

  RESEARCH METHODOLOGY  

 

On literature review explain the different methods to conclude the paper 

The students in the educational institute are observed by teachers who relate in study and 

recorded the data with specific class of student, appear or disappear learning disabilities. 

In experimental classification following these processes, first is generating the model by 

using training data set, next is predicting by testing the model with testing data set without 

attribute class. As a result of the study, the Decision Tree classifier can classify the student 

with learning disabilities better than the Naïve Bayes classifier, 96.15% and 94.23% 

respectively [23]. 

All things considered; this ponder result fit for preparatory classification for school some 

time recently exchange the understudies who show up learning incapacities to doctor. 

Gullible Bayes could be a basic strategy for structure classifiers models that relegate 

course names to issue occasions, spoken to as vectors of include values, where the course 

names are drawn from a few limited set In spite of their credulous plan and clearly 

distorted presumptions, credulous Bayes classifiers have worked very well in many 

compound actual conditions. Uniquely, gullible Bayes could be a conditional likelihood 

demonstrate: given a issue occurrence to be off the record, spoken to by a vector {show 

fashion math {x} =(x_{1}.,x -{n}) } representing a few n highlights (autonomous factors), 

it relegates to this occasion probabilities. 
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{display fashion p (C-{k}mid x-{1},dots ,x-{n}),} for each of K conceivable results or 

classes {show fashion C_{k}} The issue with the over detailing is that in the event that 

the number of highlights n is huge or i [24]. 

In the previous paper pronetalol et al used the techniques of naive Bayes in this technique 

can easily classified the student’s disabilities through the perception methods perceptions 

of students and teacher through their environments. Naive Bayes is a probabilistic 

procedure that’s classically used for classification problems. Naive Bayes is simple, 

intuitive, and yet performs surprisingly well in many cases. 

BASIC IDEA FOR NAÏVE BAYES  

To variety classifications, we necessity to use X to predict Y. In additional words, given a 

data point X = (x1,x2,…,xn), what the odd of Y being y. This can be reworded as the 

following equation [25]. 

BAYES THEOREM 

In chance theory and statistics, Bayes' theorem (otherwise Bayes's theorem, Bayes's law 

or Bayes's rule) defines the probability of an occasion, based on previous knowledge of 

situations that might be connected to the event [26]. 

“X” variable used as students attributes  

 

𝒑(𝑪𝒌|𝑿) =
𝒑(𝑪𝒌) 𝒑(𝑿|𝑪𝒌)

𝒑(𝑿)
 

https://en.wikipedia.org/wiki/Bayes%27_theorem
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Naive Bayes methods are a set of overseen learning procedures based on applying Bayes’ 

theorem with the “naive” supposition of conditional individuality between every pair of 

structures given the value of the class variable.  implements the definite naive Bayes 

algorithm for firmly distributed data. It assumes that each feature, which is described by 

the index i, has its own definite distribution [27]. 

 Naive Bayes classifiers are a gathering of classification procedures based on Bayes’ 

Theorem.  

ASSUMPTION 

The important Naive Bayes assumption is that each feature makes an: 

INDEPENDENT 

Now, it’s time to put a naive supposition to the Bayes’ theorem, which is, individuality 

between the features. So now, we split evidence into the autonomous parts [28]. 

EQUAL 

In Gaussian Naive Bayes, constant values associated with each feature are expected to be 

dispersed according to a Gaussian spreading (Appendix A)    ,. 
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CONTRIBUTION TO THE OUTCOME 

With relation to our dataset, this concept can be understood as: 

We expect that no match of highlights is secondary. For case, the temperature being ‘Hot’ 

has nothing to do with the mugginess or the lookout being ‘Rainy’ has no influence on the 

winds. Therefore, the highlights are recognized to be self-governing.  

Secondly, each include is given the similar weight (or significance). For design, knowing 

as it were temperature and stickiness alone can’t anticipate the result precise. None of the 

traits is unimportant and accepted to be contributing similarly to the result [29]. 
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Table 3. 1 Students CGPA represent the disability of the students 

 

S# STUDENTS 

SEMESTER I 

CGPA SEMESTER II CGPA 

IMPROVEMENT 

CGPA 

1 Z 80.5 86.2500 Yes 

2 V 61.5 65.5000 Yes 

3 M 65.25 64.2500 No 

4 U 58.25 64.2500 Yes 

5 N 54 64.0000 Yes 

6 X 57.25 63.2500 Yes 

7 S 59.75 62.5000 Yes 

8 H 47.75 62.2500 Yes 

9 W 57 61.5000 Yes 

10 K 62 59.7500 No 
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11 F 50.5 58.7500 Yes 

12 Y 54.5 58.5000 Yes 

13 C 44.25 55.0000 Yes 

14 A 39.25 52.5000 Yes 

15 T 69.25 47.7500 No 

16 E 38 46.7500 Yes 

17 D 42 46.0000 Yes 

18 O 40.25 45.0000 Yes 

19 J 41.25 44.7500 Yes 

20 L 38 42.0000 Yes 

21 I 39.25 40.2500 Yes 

22 R 37.5 40.2500 Yes 

23 B 41.75 39.2500 No 

24 Q 41.25 38.7500 No 
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CATEGORY I 

On the above table 3.1 represents the students data . 

 X = (students, semester I CGPA, semester II CGPA), and Y = Improvement. P( X|Y ) and 

P( Y ) can be calculated:finding  of P (Y) and P (X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
21

26
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
5

26
 

 

25 P 40.75 35.5000 No 

26 G 74.47 55.18 No 
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Figure 3. 1 graph range of disability of students... 
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Table 3.  2 differentiate of student through their previous records 

 

 

S# 

STUDENTS 

 

SSC % HSC % 

IMPROVEMENT 

% 

1 F 86.47 73.55 no 

2 V 76.24 62.18 no 

3 M 72.24 54.73 no 

4 U 77.18 57.82 no 

5 N 73.53 56 no 

6 X 86 58.18 no 

7 S 72.35 53.73 no 

8 H 73.76 56.64 no 

9 W 72.24 58.55 no 

10 K 74.94 56.18 no 
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11 F 70 52.27 no 

12 Y 71.71 65.09 no 

13 C 70 51.55 no 

14 A 56.71 50.64 no 

15 T 74.24 53.45 no 

16 E 74.12 50.27 no 

17 D 50 58.91 yes 

18 O 50.1 65.58 yes 

19 J 74.47 52.91 no 

20 L 81.29 54.27 no 

21 I 70.12 54.45 no 

22 R 77.88 56.91 no 

23 B 51.88 50 no 

24 Q 81.18 55.55 no 
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25 P 66.12 52.82 no 

26 G 74.47 55.18 no 

 

CATEGORY II 

On the above table 3.2 represents the students data . 

 X = (students, SSC %, HSC% ), and Y=Improvement. P (X|Y) and P (Y) can be 

calculated: 

finding of P (Y) and P (X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
2

26
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
24

26
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Figure 3. 2 graph range of disability of students... 
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Table 3.  3 Average of results of previous data as well as recently. 

 

 

S.NO STUDENTS SSC % HSC % 
SEMESTER I 

CGPA 

SEMESTER II 

CGPA 

1 Z 86.47 73.55 80.5 86.2500 

2 V 76.24 62.18 61.5 65.5000 

3 M 72.24 54.73 65.25 64.2500 

4 U 77.18 57.82 58.25 64.2500 

5 N 73.53 56 54 64.0000 

6 X 86 58.18 57.25 63.2500 

7 S 72.35 53.73 59.75 62.5000 

8 H 73.76 56.64 47.75 62.2500 

9 W 72.24 58.55 57 61.5000 

10 K 74.94 56.18 62 59.7500 

11 F 70 52.27 50.5 58.7500 

12 Y 71.71 65.09 54.5 58.5000 

13 C 70 51.55 44.25 55.0000 

14 A 56.71 50.64 39.25 52.5000 
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15 T 74.24 53.45 69.25 47.7500 

16 E 74.12 50.27 38 46.7500 

17 D 50 58.91 42 46.0000 

18 O 50.1 65.58 40.25 45.0000 

19 J 74.47 52.91 41.25 44.7500 

20 L 81.29 54.27 38 42.0000 

21 I 70.12 54.45 39.25 40.2500 

22 R 77.88 56.91 37.5 40.2500 

23 B 51.88 50 41.75 39.2500 

24 Q 81.18 55.55 41.25 38.7500 

25 P 66.12 52.82 40.75 35.5000 

26 G 74.47 55.18 33.25 32.5000 

 

CATEGORY III 

On the above table 3.3 represents the students data . 

, X = (students, semester I CGPA, semester II CGPA), and Y=Improvement. P (X|Y) and 

P (Y) can be calculated: 

finding  of P(Y) and P(X|Y) 



 

Recognize Learning Disability (RLD) in classroom environment using Artificial Neuron 

Network (ANN) 

 

37 | P a g e  
 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
21

26
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
5

26
 

In this case, X = (students, SSC %, HSC% ), and Y=Improvement. P(X|Y) and P(Y) can 

be calculated: 

finding of P (Y) and P (X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
2

26
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
24

26
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Figure 3. 3 Graph range of disability of students... 
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Table 3.  4 Students CGPA represent the disability of the students 

S# STUDENTS 
SEMESTER I 

CGPA 

SEMESTER II 

CGPA 

IMPROVEMENT 

GPA 

1 A1 1.93 1.99 Yes 

2 A2 1.57 2.12 Yes 

3 A3 2.54 2.45 No 

4 A4 2.38 2.59 Yes 

5 A5 3.02 3.02 No 

6 A6 1.36 1.84 Yes 

7 A7 2.02 1.27 No 

8 A8 2.69 2.85 Yes 

9 A9 2.82 2.63 No 

10 A10 2.85 2.75 No 

11 A11 2.17 3.09 Yes 

12 A12 1.39 1.37 No 

13 A13 2.72 2.84 Yes 
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CATEGORY IV 

On the above table 3.4 represents the students data . 

, X = (students, semester I CGPA, semester II CGPA), and Y=Improvement. P (X|Y) 

and P (Y) can be calculated: 

finding of P  (Y) and P(X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
9

21
 

14 A14 1.86 1.52 No 

15 A15 1.70 1.53 No 

16 A16 2.92 3.14 Yes 

17 A17 3.58 3.43 No 

18 A18 3.00 2.81 No 

19 A19 2.72 2.51 No 

20 A20 2.45 2.24 No 

21 A21 3.54 3.60 Yes 

.. 
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P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
11

21
 

 

 

 

 

Figure 3. 4 Graph range of disability of students... 
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table 3.  5  Differentiate of student through their previous records. 

 

S#  STUDENTS SSC % HSC % 
IMPROVEMENT 

% 

1  A1 59.18 55.27 No 

2  A2 74.82 54 No 

3  A3 58.59 54.82 No 

4  A4 52 57 Yes 

5  A5 70.35 55.64 No 

6  A6 72.12 59.09 No 

7  A7 60.71 52.64 No 

8  A8 61.18 44.55 No 

9  A9 75.76 52.09 No 

10  A10 61.53 51.18 No 

11  A11 67.41 51.09 No 

12  A12 71.65 64.45 No 

13  A13 68.35 53.18 No 
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14  A14 75.65 59.09 No 

15  A15 64.71 71.82 Yes 

16  A16 73.18 54.73 No 

17  A17 66.24 60 No 

18  A18 68.12 63.45 No 

19  A19 72.94 64 No 

20  A20 81.53 76.55 No 

21  A21 75.53 77.82 Yes 

 

 

 CATEGORY V 
On the above table 3.5 represents the students data . 

, X = (students, SSC %, HSC% ), and Y=Improvement. P (X|Y) and P (Y) can be 

calculated: 

finding of P (Y) and P (X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
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P(Y =  Improvement) =  
3

21
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
18

21
 

 

 

figure 3. 5 Graph range of disability of students... 
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Table 3.  6 Average of results of previous data as well as recently. 

 

S# STUDENTS SSC % HSC % 
SEMESTER I 

CGPA 

SEMESTER II 

CGPA 

1 A1 59.18 55.27 1.93 1.99 

2 A2 74.82 54 1.57 2.12 

3 A3 58.59 54.82 2.54 2.45 

4 A4 52 57 2.38 2.59 

5 A5 70.35 55.64 3.02 3.02 

6 A6 72.12 59.09 1.36 1.84 

7 A7 60.71 52.64 2.02 1.27 

8 A8 61.18 44.55 2.69 2.85 

9 A9 75.76 52.09 2.82 2.63 

10 A10 61.53 51.18 2.85 2.75 

11 A11 67.41 51.09 2.17 3.09 

12 A12 71.65 64.45 1.39 1.37 

13 A13 68.35 53.18 2.72 2.84 



 

Recognize Learning Disability (RLD) in classroom environment using Artificial Neuron 

Network (ANN) 

 

46 | P a g e  
 

14 A14 75.65 59.09 1.86 1.52 

15 A15 64.71 71.82 1.70 1.53 

16 A16 73.18 54.73 2.92 3.14 

17 A17 66.24 60 3.58 3.43 

18 A18 68.12 63.45 3.00 2.81 

19 A19 72.94 64 2.72 2.51 

20 A20 81.53 76.55 2.45 2.24 

21 A21 75.53 77.82 3.54 3.60 

 

CATEGORY VI 

On the above table 3.6 represents the students data . 

, X = (students, semester I CGPA, semester II CGPA), and Y=Improvement. P (X|Y) 

and P (Y) can be calculated: 

finding of P (Y) and P (X|Y) 

P (Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
9

21
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P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
11

21
 

 

In this case, X = (students, SSC %, HSC% ), and Y=Improvement. P(X|Y) and P(Y) can 

be calculated: 

finding of P(Y) and P(X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
3

21
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
18

21
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Figure 3. 6 Graph range of disability of students... 

 

NEURAL NETWORKS 

 Neural systems are a set of designs, modeled freely after the human mind, that are outlined 

to identify designs. They translate tactile information through a kind of machine 

discernment, labeling or grouping crude input [30].  

A neural arrange could be an arrangement of controls that endeavors to recognize basic 

networks in a set of data complete a handle that mirrors the way the human brain works. 

In this logic, neural schemes mention to backgrounds of neurons, also natural or fake in 

countryside. Neural systems can correct to changing input; so, the arrange creates the 

greatest excellent conceivable result without requiring updating the yield criteria. The 

concept of neural systems.  
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ARTIFICIAL NEURAL NETWORKS 

Manufactured neural organizations or connectionist contexts are computing backgrounds 

unclearly propelled by the natural neural systems that constitute creature brains. Such 

frameworks "learn" to perform errands by considering cases, for the greatest part without 

being improved with task exact rules [31]. 

In figure 3.7 neural arrange speak to the input layer for the instructor recognitions ,diverse 

instructors have diverse discernments concurring to their environment ,behavior of 

understudies, subjects ,intrigued of subjects ,past foundation of consider, affirmation 

through justify base and term of class.in figure 3.7 there are three number of covered up 

layers Covered up sheets fine tune the input allowances till the neural network’s edge of 

mistake is small. It is hypothesized  (Appendix A)    that covered up layers generalize 

notable highlights within the input material that have discerning control with deference to 

the productivities. This depicts highlight extraction, which finishes a utility like 

measurable procedures such as central component examination A neural arrange assesses 

cost information and uncovers openings for making exchange choices based on the 

information analysis 

The systems can recognize inconspicuous nonlinear interdependencies and designs other 

strategies of specialized investigation cannot. Concurring to investigate, the exactness of 

neural systems in making cost expectations for stocks contrasts. A few models anticipate 

the right stock costs 50 to 60 percent of the time whereas others are exact in 70 percent of 
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all occurrences. A few have set that a 10 percent change in effectiveness is all a speculator 

can inquire for from a neural arrange. 

 

 

 

Figure 3. 7 neural network of each results 

 

Over figure 3.8 Ruddy highlight (Appendix A)   shows the input of the neuron within the 

learning classifications input as teacher who are present within the lesson in numerous 

recognitions above shows the input layer it could me more than 4 and 5 or may or more. 
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Figure 3. 8 Input part of the network 

 

on figure 3.9 ANN  ,  is precisely just like the neurons work in our anxious framework. 

Above neural network represent the hidden layer1 (students) ,hidden layer2 

(students),input will be teachers In the event that you can’t review it, no worries here is 

the most excellent tutorial by Data Flair to clarify counterfeit neural networks Artificial 

Neural Systems are the foremost well-known machine learning calculations nowadays. 

The innovation of these Neural Systems took put within the 1970 but they have 

accomplished gigantic popularity due to the later increment in computation control since 

of which they are presently essentially all over. In each application simply utilize, Neural 

Systems control the shrewdly interface that keeps you locked in [32]. 
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Figure 3. 9 All hidden layer (students learning disabilities) of neural network 
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CHAPTER 4 

 FINDING 

 

FINDING 

ENVIRONMENT FOR IMPLEMENTATIONS 

Collab Scratch pad. Collaboratory may be a Google investigate extend made to assist 

spread machine learning instruction and investigate. It's a Jupiter notepad environment 

that needs no setup to utilize and runs totally within the cloud. 

What is Google Colab? 

Google Collab (Appendix A)    is a free cloud service and now it supports free GPU! [33]. 

INPUT 

 

 

 

 

 

 

 

X = 2 * np.random.rand(100, 1) 

n, m = 4, 8  # ground truth 

noise = np.random.randn(100, 1)  # sampled from the 'standard normal' distribu

tion 

y = n + m * X + noise 

model = LinearRegression() 

model.fit(X, y) 

n_hat, m_hat = model.intercept_, model.coef_ 

print( 

    'n ... truth:', n, ', estimate:', '{0:.2f}'.format(*n_hat), '\n' 

    'm ... truth:', m, ', estimate:', '{0:.2f}'.format(*m_hat[0]), '\n') 

 

 

Figure 4. 1 input of entire data 
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OUTPUT 

INPUT 

 

 

# 2 ............................................................................ 

# Where we fit a model using gradient descent. 

# Note that we'll use some of the variables from # 1. 

eta = 0.1  # learning rate 

n_iterations = 1000 

size = 100  # number of samples 

X_b = np.c_[np.ones((100, 1)), X]  # make X compatible for matmul equation 

theta = np.random.randn(2, 1)  # random initialization 

for _ in range(n_iterations): 

    gradients = 2 / size * X_b.T.dot(X_b.dot(theta) - y) 

    theta = theta - eta * gradients 

    # Gradients are the set of partial derivatives of the MSE .. mean squared erro

r. 

    # The matrix algebra is from the 'normal equation', which is a closed form 

    # solution to the MSE optimization. Yeah, I know. 

print( 

    'n ... truth:', n, ', estimate:', '{0:.2f}'.format(*theta[0]), '\n' 

n ... truth: 4 , estimate: 4.26  

m ... truth: 8 , estimate: 7.88 

 

Figure 4. 2 output of entire data 

 

Figure 4. 3 input of entire data 
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INPUT  

# create figure 

with open('lr_data.csv', 'w+') as out: 

    out.write('x,y\n') 

    for i in range(len(X)): 

        out.write('{},{}\n'.format(*X[i], *y[i])) 

with open('lr_gradient_descent.csv', 'w+') as out: 

    out.write('n,m,eta,iteration\n')  # header 

    for eta in [0.01, 0.1, 0.5]: 

        theta = np.random.randn(2, 1)  # random initialization 

 

        for i in range(n_iterations): 

            gradients = 2 / size * X_b.T.dot(X_b.dot(theta) - y) 

            theta = theta - eta * gradients 

            out.write( 

                '{},{},{},{}\n'.format(*theta[0], *theta[1], eta, i)) 

'''R 

library(ggplot2) 

lr <- read.table('lr_gradient_descent.csv', sep=',', header=T) 

data <- read.table('lr_data.csv', sep=',', header=T) 

theme_min <- 

theme_bw() + 

    theme( 

        panel.border=element_blank(), 

 

Figure 4. 4 input of entire data 
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geom_abline( 

        data=lr[lr$iteration < 10,], 

        mapping=aes(slope=m, intercept=n, colour=iteration)) + 

    theme_min 

q <- 

ggplot(lr, aes(n, m, colour=iteration)) + 

    geom_point(size=0.5) + 

    facet_ wrap(~eta, scale='free') + 

    theme_min 

ggsave('lr_gradient_descent_lines.png', p, height=7, width=20, units='cm') 

ggsave('lr_gradient_descent_points.png', q, height=7, width=20, units='cm') 

''' 

wrap(~eta, scale='free') + 

    theme_min 

ggsave('lr_gradient_descent_lines.png', p, height=7, width=20, units='cm') 

ggsave('lr_gradient_descent_points.png', q, height=7, width=20, units='cm') 

''' 

wrap(~eta, scale='free') + 

    theme_min 

ggsave('lr_gradient_descent_lines.png', p, height=7, width=20, units='cm') 

ggsave('lr_gradient_descent_points.png', q, height=7, width=20, units='cm') 

''' 

wrap(~eta, scale='free') + 

    theme_min 

ggsave('lr_gradient_descent_lines.png', p, height=7, width=20, units='cm') 

 

Figure 4. 5 input of entire data 
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OUTPUT 

  

n ... truth: 4 , estimate: 4.26  

m ... truth: 8 , estimate: 7.88  

"R\nlibrary(ggplot2)\nlr <- read.table('lr_gradient_descent.csv', sep=',', 

header=T)\ndata <- read.table('lr_data.csv', sep=',', header=T)\ntheme_min <-

\ntheme_bw() +\n    theme(\n        panel.border=element_blank(),\n        # 

panel.grid.minor=element_blank(),\n        panel.grid.major=element_blank(),\n        

panel.spacing=unit(2, 'lines'),\n        strip.background=element_blank(),\n        

axis.text.x = element_text(angle = 45, hjust = 1))\np <-\nggplot() +\n    

geom_point(\n        data=data,\n        mapping=aes(x, y), size=0.5) +\n    

facet_wrap(~eta) +\n    geom_abline(\n        data=lr[lr$iteration < 10,],\n        

mapping=aes(slope=m, intercept=n, colour=iteration)) +\n    theme_min\nq <-

\nggplot(lr, aes(n, m, colour=iteration)) +\n    geom_point(size=0.5) +\n    

facet_wrap(~eta, scale='free') +\n    

theme_min\nggsave('lr_gradient_descent_lines.png', p, height=7, width=20, 

units='cm')\nggsave('lr_gradient_descent_points.png', q, height=7, width=20, 

units='cm')\n" 

 
 

Figure 4. 6 output of entire data 
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INPUT 
 

# 3 ............................................................................ 

# Where we evaluate our model. 

from collections import Counter 

from sklearn import datasets 

from sklearn.linear_model import LogisticRegression 

from sklearn.model_selection import train_test_split 

from sklearn.metrics import confusion_matrix 

from sklearn.metrics import accuracy_score as accuracy''' 

'''iris = datasets.load_iris()X = iris.data 

# We want to perform logistic regression, so we can only have two classes. 

# To generalize this to more classes see softmax regression. 

y = [1 if i else 0 for i in iris.target == 2]  # 1 if Iris Virginica else 0 

class_name = iris.target_names# For now, we pretend we froze a certain part of

 the data away as a test set.X_train, X_val, y_train, y_val = train_test_split(    X

, y, 

    random_state=42,  # seed 

    stratify=y,       # Counter(y_test), try w/o stratification 

    test_size=0.33) 

 

 

 

 

 

Figure 4. 7 input of entire data 
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OUTPUT 
 

 

1.381583039693636 

model = LogisticRegression(solver='lbfgs') 

# solver .. 'optimizer', like gradient descent 

# lbfgs .. Broyden–Fletcher–Goldfarb–Shanno (BFGS) algorithm 

model.fit(X_train, y_train) 

model.coef_  # 1 coefficient for each feature 

y_hat = model.predict(X_val) 

# some basic metrics 

confusion_matrix(y_val, y_hat) 

accuracy(y_val, y_hat) 

# Now we will use the loss function explicitly. 

from sklearn.metrics import log_loss, mean_squared_error, median_absolute_e

rror 

# log_loss ... logistic regression 

# MSE ...      linear regression, l2 norm (Euclidean distance) 

# MAE ...      linear regression, l1 norm (Manhatten distance) 

log_loss(y_hat, y_val) 

 

 

Figure 4. 8 input of entire data 

 

Figure 4. 9 output of entire data 
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INPUT 

 

    y_val_hat = model.predict(X_val)  # predict the whole validation set 

    err_train.append(log_loss(y_train_hat, y_train[:m])) 

    err_val.append(log_loss(y_val_hat, y_val)) 

    size_train.append(m) 

with open('log_loss.csv', 'w+') as out:    result = zip(size_train, err_train, err_val

) 

    out.write('size_train,err_train,err_val\n') 

    for i in result: 

        out.write('{},{},{}\n'.format(*i)) 

'''R 

library(ggplot2) 

library(tidyr) 

library(RColorBrewer) 

df_wide <- read.table('log_loss.csv', sep=',', header=T)  # turn from wide to lon

g fmt 

df_long <- gather(df, error, log_loss, err_train:err_val, factor_key=TRUE) 

p <- 

ggplot(df_long, aes(x=size_train, y=log_loss, colour=error)) + 

    geom_line() + 

    scale_color_brewer(palette='Set1') + 

    xlab('size of training set') + 

    ylab('log loss') + 

    theme_bw() + 

Figure 4. 10 input of entire data 
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# 4 ............................................................................ 

# Where we look at the loss function a bit closer. 

# Let's watch the model train. We can diagnose overfitting by looking at the 

# dynamics of the loss fn. 

X_train, X_val, y_train, y_val = train_test_split( 

    X, y, random_state=42, stratify=y, test_size=0.33) 

err_train, err_val, size_train = [], [], [] 

model = LogisticRegression(solver='lbfgs') 

for m in range(2, len(X_train)):  # lbfgs needs at least two classes to start 

    model.fit(X_train[:m], y_train[:m]) 

    y_train_hat = model.predict(X_train[:m])  # predict the same data wejust lear

ned 

    y_val_hat = model.predict(X_val)  # predict the whole validation set 

    err_train.append(log_loss(y_train_hat, y_train[:m])) 

    err_val.append(log_loss(y_val_hat, y_val)) 

    size_train.append(m) 

# Let's watch the model train. We can diagnose overfitting by looking at the 

# dynamics of the loss fn. 

X_train, X_val, y_train, y_val = train_test_split( 

    X, y, random_state=42, stratify=y, test_size=0.33) 

err_train, err_val, size_train = [], [], [] 

model = LogisticRegression(solver='lbfgs') 

for m in range(2, len(X_train)):  # lbfgs needs at least two classes to start 

    model.fit(X_train[:m], y_train[:m]) 

 

 

Figure 4. 11 input of entire data 
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OUTPUT 

 

 

 

 

 

"R\nlibrary(ggplot2)\nlibrary(tidyr)\nlibrary(RColorBrewer)\ndf_wide <- 

read.table('log_loss.csv', sep=',', header=T)  # turn from wide to long 

fmt\ndf_long <- gather(df, error, log_loss, err_train:err_val, 

factor_key=TRUE)\np <-\nggplot(df_long, aes(x=size_train, y=log_loss, 

colour=error)) +\n    geom_line() +\n    scale_color_brewer(palette='Set1') +\n    

xlab('size of training set') +\n    ylab('log loss') +\n    theme_bw() +\n    

theme(\n        panel.border=element_blank(),\n        

panel.grid.major=element_blank())\nggsave('log_loss.png', p, width=10, 

height=7, units='cm')\n" 

 

Figure 4. 12 output of entire data 
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INPUT 

 

 

 

# 5 ............................................................................ 

# Where we use cross validation to tune hyperparameters. 

# Note that we'll use some of the variables from # 4. 

from sklearn.model_selection import GridSearchCV 

X_train, X_test, y_train, y_test = train_test_split( 

    X, y, random_state=42, stratify=y, test_size=0.33) 

# Note how we now specify a 'test' not 'validation' set alongside the training set. 

# This is because we will use cross validation on the training set, which makes 

# the validation split implicitly. model = LogisticRegression(solver='liblinear') 

# Optimizer liblinear needed bc/ we wnat to fit w/ 2 penalties, see below. 

# C = 1 / lambda, see stackoverflow, 21816346 

param_grid = { 

    # If you have no idea, try consecultive orders of magnitude away from the de

fault. 

 

 

 

Figure 4. 13 input of entire data 
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OUTPUT 

 

    'C': [0.001, 0.01, 0.1, 1, 2, 3, 10, 100, 1000], 

    # Or exhaust the parameter space. 

    'penalty': ('l1', 'l2')} 

# Note that small imbalanced samples might provide counterintuitive CV result

s, 

# see e.g. stackoverflow, 32889929. 

cv = GridSearchCV(model, param_grid, scoring='accuracy').fit(X_train, y_trai

n) 

cv.best_estimator_ 

cv.best_params_ 

cv.cv_results_ 

y_hat = cv.predict(X_test) 

confusion_matrix(y_test, y_hat) 

accuracy(y_test, y_hat)  # Booya! 

 

1.0 

 

Figure 4. 14 input of entire data 

 

Figure 4. 15 actual output of entire data 
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CHAPTER 5  

CONCLUSIONS, RESULTS AND DISCUSSION 

 

CONCLUSION 

Concluded the thesis based on assumptions of methodology have been discussed above 

results of the student’s marks which show disabilities occur through both students and 

teachers. 

Used naive base classification to sort out the results probably or approximately. There are 

number of confliction to find out the results at the end got  goal on above data sets .in all 

of the students some has disabilities of getting more marks rather than earlier ,but in other 

way most of the students have no any conflictions the got same marks or above than earlier 

.so the problems gutted to why the students face this issues and finally concluded it is 

helpful for the students or the people who wants to examine their learning by self. 

RESULTS  

On the basis of below results explain the  possibility of finding students disabilities .In this 

case, X = (students, semester I CGPA, semester II CGPA), and Y=Improvement. P (X|Y) 

and P (Y) can be calculated: 

finding of P(Y) and P(X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

P(Y =  Improvement) =  
21

26
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P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
5

26
 

In this case, X = (students, SSC %, HSC% ), and Y=Improvement. P(X|Y) and P(Y) can 

be calculated: 

finding  of P(Y) and P(X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
2

26
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
24

26
 

In this case, X = (students, semester I CGPA, semester II CGPA), and Y=Improvement. 

P(X|Y) and P(Y) can be calculated: 

finding  of P(Y) and P(X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
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P(Y =  Improvement) =  
21

26
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
5

26
 

 

In this case, X = (students, SSC %, HSC% ), and Y=Improvement. P(X|Y) and P(Y) can 

be calculated: 

finding  of P(Y) and P(X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
2

26
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
24

26
 

In this case, X = (students, semester I CGPA, semester II CGPA), and Y=Improvement. 

P(X|Y) and P(Y) can be calculated: 

finding  of P(Y) and P(X|Y) 
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P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
9

21
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
11

21
 

In this case, X = (students, SSC %, HSC% ), and Y=Improvement. P(X|Y) and P(Y) can 

be calculated: 

finding  of P(Y) and P(X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
3

21
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
18

21
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In this case, X = (students, semester I CGPA, semester II CGPA), and Y=Improvement. 

P(X|Y) and P(Y) can be calculated: 

finding  of P(Y) and P(X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
9

21
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  notImprovement) =  
11

21
 

 

In this case, X = (students, SSC %, HSC% ), and Y=Improvement. P(X|Y) and P(Y) can 

be calculated: 

finding  of P(Y) and P(X|Y) 

P(Y =  Improvement) =  
#𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
 

 

P(Y =  Improvement) =  
3

21
 

P(Y = not Improvement) =  
#𝑛𝑜𝑡𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡 

𝑖𝑚𝑝𝑜𝑣𝑒𝑚𝑒𝑛𝑡 + 𝑛𝑜𝑡 𝑖𝑚𝑝𝑟𝑜𝑣𝑒𝑚𝑒𝑛𝑡
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P(Y =  notImprovement) =  
18

21
 

 

 

 

Figure 5. 1 graph range of disability of students... 
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Figure 5. 2 graph range of disability of students... 
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CHAPTER 6  

DISCUSSION AND RECOMMENDATION 

 

DISCUSSION AND RECOMMENDATION 

This above problem described the disabilities of students and other people this paper helps 

them to maintain the disability rank in this age, not in an educational departments 

disabilities are going to increase it also increase in professional life. 

I recommend this paper for the all people those who face disabilities during learning as 

any fields or any way of life. 

There should be some instruments to calculate mental disorder of the people and identify 

the which type of disabilities are occure.  
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